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RENBESNSEEF
MEEIERE R ZER SR
8:30-10:20 FER
LG
TFEMMEHEN
+ g | FEMERRETNE. PET TBD
e
=N e =2 = ==
1030-1200 | gggs | OTPOT IR FEIER | gesron cmmsaicieio B SR
JC
. o N TS Data driven materials design: Speeding up
Nick Birbilis RAFIINE S AZ AR efforts in the materials genome
RRPRZEDE TR A RERE S TS HE
. _ Data-Enabled Synthesis Predictions for
13:30-15:20 vousung Jung FERRAFHIE Molecules and Materials
Steven Kenny BERNKERSZHIT Atomistic Modelling of Thin Film Growth
ZER N T KF#H0% ETHECRIBB RIS Z M se AT ELD
F/\ B HEIESNTAERARASRS
15:30-16:00 FER RN
Yong-hak Huh EERERISZRE (KRISS) | Issues and Strategies for Materials Data
ExRt AR SRR OEE Sharing
MS";?;T;?EO Elz&%;?;;g;gu I(EEIMS) Operation of Materials Data Platform in NIMS
16:00-18:00 T = AR IR T AREEEE Construction of the CSTM Material Data
= (CSTM) FiBK Standard System
Experimental Research Data in Materials
Weber Heiko | {EER/REBIR-ACEAAF#IZ | Science and Solid-State Physics: Challenges,

Strategies and Solutions
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BEA: ZIPEHE. IEHEEIE. EXPRRERIUE.
BiE: 11 B15H2X, 11 B16 HEF

PeIEkRE (11 8

15-16 H)

MHESTESRITSCE

High-Efficiency Materials Computation and Design Symposium

ZIHERE. RFRHIT

FS :5jLs]) wHA B i RS’
2024.11.15
FEA E R ACTWKAZE, F E JCRNAYESHTEHERRA
) ) N . GPUMD software and its applications to materials
- - i 7ag==] N 2
S1-01 8:30-8:55 HRE BEXE calculations
) EE_Q- - N s The Progress and Outlook of ABACUS First-Principles
$1-02 8:55-9:20 {3 PERHAS Calculation Software
Development of Quantum Chemical Methods and Their
S1-03 9:20-9:45 X B o)== Applications in Research of Energy and Environmental
Materials
) AE_ A0 NPT First-Principles Material Simulation Driven by Algorithms
S1-04 9:45-10:10 I PERARARS and Computing Power
10:10-10:25 ®
EFA: BEK FERZERESEBHARA, Bt FERZFRTEMEHRAS TREHARET
$1-05 | 1025 -10:50 | Pedro Rivera University of Al methods for alloy design: from genetic algorithms to
Southampton, UK knowledge graphs
S1-06 | 10:50-11:15 T & RNEBEITKRZE Mechanism-driven Material Manufacturing
Institute of Materials
S1-07 11:15-11:40 Jun Zhou F_{esegrch and High-throughput screening for two-d|m(_enS|onaI
Engineering (IMRE), structures from non-layered materials
Singapore
) 4019 . s Computational design of barocaloric materials for
S1-08 11:40-12:00 T & FRAT solid-state refrigeration
12:00-13:30 F &'
FEA: R F FEKFE, &ERE PEMHNAERRE
S1-09 | 13:30-13:55 By IENs] AT bR ICME Development of Carbon Fiber Composites
FERIFBRTIRE R -Assi i i i ;
S1-10 13:55-14:20 = ! F T T < Al-Assisted Slmulatlonl\'jlzn? D(a|3|gn of Disordered Alloy
RS TAZHRFH aterials
) 9014 , o sanes . Machine Learning Moment Tensor Potentials for
. 14:20-14:45 FRERK PER IR Materials: Code Development and Applications
) AR - e - s Multi-field coupled phase-field simulation of high
S1-12 | 14:45-15:05 =5k B ERET XS temperature alloy
. \OE_AE- L A . e Entropy mechanism of phase stabilities for
S1-13 15:05-15:25 KE= R multicomponent alloy systems
. . iy Design of Composition and Microstructure in
- - N La——r2h
§1-14 | 15:25-15:45 | 5Kt HEX ZrNbTi-Based Refractory High-Entropy Alloy Films
15:45-16:00 x &




FEA: BN ERMESMARFERE, Sl At TS
FERFRKEM AN -dri i i ingle-
S1-15 16:00-16:25 x5 \ Al-driven theorehcallexploratlon pf single-molecule
EAEHESART materials and devices
) HE_4A- Cf b s Data-driven Design and Performance Regulation of
$1-16 16:25-16:45 SRR WRARZ Wear-Resistant Materials
S1-17 | 16:45-17:05 HES SEM A Progress on Material ﬁ]ttrgllclzitguerﬁcce;eneranon via Artificial
) E.17- N e Machine Learning Guided Design and High Throughput
S1-18 17:05-17:25 RFHY LRBAF Screening of OLED Materials
i DE_17- . ey s Designing High Thermal Conductive Polymers by
S1-19 17:25-17:45 HER LIBRERE Quantum Machine Learning
2024.11.16
EFA: #EE IEEMERARE, REE [IIXKE
Combing the high-throughput calculations and machine
S1-20 8:30-8:55 SERET] Fiip ||y learning study the friction at the interfaces of van der
Waals structures
) EE_Q- P - s Nonbonding Electron Delocalization Stabilizes the
. 8:55-9:20 K B LRI Flexible Ng Assembly
) 0.0 v g s Phase field simulations aided multiscale precipitation
$1-22 9:20-9:40 T PIZ SRS design in titanium alloys
) AN [N, Metamaterials design accelerated by Al: Software and
S1-23 9:40-10:00 Tt i SyN= applications
10:00-10:20 x &K
ERFA: BIFE M)IIKZE, KE tREBEIXZF
TR FTECERRHSA Material genetic engineering leads battery system
s104 | 10:20-10:40 - TREMUHTRERRHAR genetic eng +34 ds y sy
BERLAT innovation (FRIZIRE)
s 10:40-11: N e Data Driven Efficient Designing of Potassium Sodium
1-25 0:40-11:00 FER RN Niobate Based Ceramics (FR3ZIR4)
S1-26 11:00-11:20 SR/ \IR chE AT S Phase field S|mulat|or]rth|uSd())/ If?,leSIIC coating process of
HH130: a Dataset for Universal Machine Learning Force
S$1-27 | 11:20-11:40 FHEE =y Field and the Applications in the Thermal Transport of
Half-Heusler Thermoelectric
$1.28 | 11:40-12:00 . T e Calculation and simulation of multicomponent materials
B . - . %RV MJ jtﬁ!ﬂﬂ:ﬁ:ﬂﬂ:%ﬁ?— at atomic scale (ﬁ&*ﬁ%)
RN DI
Revolutionary Materials Experimental Technology Symposium
BEA: WTHRRR, TleusE. ARl SEFHE. BEEt
BE: 11 B15H2X. 11 B16 HLF
FS B1E) HHA L= I v} RS’
2024.11.15
ERFA: B # EBEXE, THEA YERERESEHRAT
) .an.Q- s s Application of high-throughput synchrotron radiation
S2-01 8:30-8:55 Yang Ren BRMHAST characterization technigues in materials science




High-throughput, in-situ characterization platform for

S2-02 8:55-9:20 Z=HHA o)z polymer processing-structure based on synchrotron
radiation
Advanced Transmission Electron Microscopy Techniques
$2-03 | 9:20-9:45 F&MH FERISREEMZET | and Their Application in the Study of Cathode Materials
for Lithium-lon Batteries
High throughput three-dimensional characterization of
S2-04 9:45-10:10 B BEXAE the orientation distribution and deviation behavior of
dislocation loops in aluminum alloys
10:10-10:25 = &
FEA: X H% EBXFE, BIFE NZRE=E
Nanyang . . . . .
$2-05 | 10:25-10:50 ~ Kedar Technological Property directed generatllve design of inorganic
Hippalgaonkari . . . materials
University, Singapore
S2-06 | 10:50-11:15 B/ )\ T SCEE == Exploration of intelligent protein manufacturing
S$2-07 | 11:15-11:40 K{m=E A BREREERAT Al and Robot Data-Driven Materials Discovery
. . N . e High-Throughput Intelligent Experimental Technology for
S2-08 | 11:40-12:05 EXaTE RFRHRAZ Electronic Thin Film and Device Development (3R3ZiRE5)
12:05-13:30 F ®
FRHA: B EBEXRE, W FEREEGIERAFET
Brian University of ~ The Discovery and Development of Functional
S2-09 | 13:30-13:55 Solid-State Materials through Evaporative PVD and High
Hayden Southampton, UK .
Throughput Screening
S2-10 | 13:55-14:20 WIFERZE HER IR AT Combinatorial development of metallic glasses
. . - N Exploring Polyelemental Nanosystems Through
- - = =4
§2-11 | 14:20-14:45 FRISHE SBXF Nanoparticle Megalibraries
Real-time high-throughput experimental method for
S2-12 | 14:45-15:05 5 BB o)z polymer burning processes and accelerating
flame-retardant material design
. . N N High-Throughput Ambient Pressure Hydrothermal
- - = 3 A4
52-13 | 15:05-15:15 FRRE RIS Synthesis of ZnO Nanowires for Antibacterial Coatings
15:15-15:30 = &
FEA XER FERZRE DSEREBARET, X % ALRREAFE
S$2-14 | 15:30-15:55 Xl #3 ALREAFE High-throughput screening for wear-resistant alloys
Development and Application of a Spiral Gradient
S2-15 | 15:55-16:20 EHE bR S Continuous Casting Device for High-Throughput
Preparation
XY A3 SR A new method for three-dimensional reconstruction
S2-16 | 16:20-16:45 & M e Pﬂﬁhdfﬁ'ﬁkﬂx{b characterization of material microstructure based on glow
BIRAE] sputtering
kol e T Combined 3D microfluidic vortex focusing and
S2-17 | 16:45-17:10 5 BH EF.ﬂ?_BJl R high-throughput screening for self-assembly synthesis of
isansil homogeneous nanomedicine
Development of Additive Manufactured Invar Alloy and Its
S2-18 | 17:10-17:30 s & PaJllKZ Metastructure through High-Throughput Intelligent R&D
Platform
. SRR The Application of Neutron Diffraction and Imaging
$2-19 | 17:30-17:50 e MM Characterization Techniques in Engineering Materials (3%

BIRAT]

RIRS)




2024.11.16

ERAL BRIEE BFRERKE,

F5 BEAS

Machine Learning-Assisted High-Throughput
) 0.8 [ Multi-Objective Experimental Optimization of
S$2:20 8:30-8:55 X LigRE Composition and Processing for High-Strength and
High-Conductivity Copper Alloys
Materials Discovery in Energy and Chemical Engineering
S2-21 8:55-9:20 T ey = driven by "Large" and "Small" Al Models with Knowledge
(BRI )
\ SEFANETAS TS AR RS Research on High-Throughput Integrated
S2-22 9:20-9:40 FRZAE ﬁhl/)\\_ij( & Characterization Techniques for Multi-Component
BIRAE Honeycomb Superalloy Samples
Artificial Intelligence-Driven Research on Intelligent
S2-23 9:40-10:00 = RS A Analysis Algorithms and Systems for Materials
Microscopic Images
10:10-10:25 x® &
FEA: EEY £BEIXE, EE TS
| A= = Z\': 1; . . . . .
s2-24 | 10:25 -10:50 FER PERFER TR RN Designing me.talhc.glasses with advanced properties
AR5 TSR using high-throughput strategy
) B - 2= —ps s Research and Development of dielectrics driven by data
S2-25 | 10:50-11:15 SR EETAS and intelligent algorithms
Composition-property design of alkali-free aluminosilicate
S2-26 | 11:15-11:40 TR iy Ly = glass by machine learning and structural insights from
molecular dynamics simulations
) AN D N s Antiferromagnetism and Phase Stability of CrMnFeCoNi
S2-27 | 11:40-12:00 &k H EamAcEF High-Entropy Alloy
HHRERE TR A RMAISIE— ik
MGE Technologies and Industrial Application Symposium (Emerging Industry)
B8A: REHRE, NEHE, EEFRRR. hEEIEE
BSE: 11 B 15 H2X
[E2=] 5] EHA By IREEE
2024.11.15
ERFA: MEF LRETAR, FRE BFRIXKE
. . — . “ DFT and machine learning drive the design of
i - BN 8 a4
S3-01 8:30-8:55 R TP high-capacity anode materials
s3.02 | 855.9:20 5 4 B TRIZ AR Exploration and innovation of data-driven machine
BERAS learning in the development of hydrocracking catalysts
) 90.0- N s Exploration of material genes and structural chemistry in
S3-03 9:20-9:45 3 AR Li-ion batteries
) A0 o= N sse Metal halide perovskite semiconductors optoelectronics
S3-04 9:45-10:10 HEZ ALRHRAZF and their machine learning
10:10-10:25 = &
FRA X B ALK E, KiEm tREITXRE
) DE _40)- - PP N Research on design and its mechanical/corrosion
S3-05 | 10:25-10:55 HEE IR S properties of magnesium alloy with high strength and




HA5bT corrosion resistant (FKIZIRE)
S3-06 | 10:50-11:15 =FE EFBATERELRE Physical Science Research Driven by Large Models
Artificial Intelligence Enabled Smart Design and
S3-07 | 11:15-11:40 T R At Tl A Manufacturing of Advanced Materials: The Endless
Frontier in Al+ Era
$3-08 | 11:40-12:05 MET ORI T A Machine learning-assisted molecular structure design of
polymers
12:05-13:30 T B
ERFA: mREE FERAE, BEH BFREKE
$3-09 | 13:30-13:55 lvan Cole RMIT UniV(_ersity, Virtual Inhibitor discovery_based on refined
Australia understanding
. . N . Developing Novel Optoelectronic Functional Materials by
- - == N =
$3-10 | 13:55-14:20 BE FEFRHRAT High-Throughput Engineering
Norwegian University . . e .
S3-11 | 14:20-14:45 Yanjun Li of Science and Influence of |rr_1pur|ty atoms on the dl_ffuswlty and spatial
evolution of vacancy in aluminum alloys
Technology, Norway
. . - Digital Research and Application Technology of
- - == N N
S3-12 | 14:45-15:10 HR5 FREEMI IR FRRA T Aluminum Processing
. . ~ o Advancing Green and Efficient Synthetic Ammonia
- - B e
S3-13 | 15:10-15:35 FEN PRt TR Catalytic Technologies through Artificial Intelligence
15:35-15:50 x &
EFRFA E & AILIWRE, £ = BZHRE (E8) ROBRLE
hERIZFE EEERSLY | Intelligent Design: An Innovative Paradigm for Research
_ . - . -—‘-—2
S3-14 | 15:50-16:15 A—EL PSS in Catalytic Materials (FR3ZHRES)
BRI (E8) B’ The Application of “Al+MGE” Technology in New
$3-15 | 16:15-16:40 | 2= = R (L) PP e
BERAS Materials Research and Development (3k3ZiRS)
~ AN_17- —_— —ps X Al+ automated intelligent laboratory empowering the
S3-16 | 16:40-17:05 e BRI design and development of advanced materials
. . N = Intelligent R&D of Battery Design Automation (BDA) in
- - 3% 3 3 I\
$3-17 | 17:05-17:30 ERE | AERRBRHERAT the Era of Al for Science
HHRERETEF A RNRICIE—HEeR
MGE Technologies and Industrial Application Symposium (New Energy)
BEA: BAEHE, KBLiEE, FEIEL
BfE: 11 B 15 B2X (BER&N) . 16 HEF (E8RF(Fm)
FS EHA B i K&
2024.11.15
FEA XUtk REBTXZ, 2 &8 BIKZE
S4-01 8:30-8:55 SUHsE AT T Ao A mesoscale thermodyn?)rrrcw)lgessr:odel for electrochemical
S4-02 8:55-9:20 BT ® BlXE Towards Al? Electrochemistry (Al? = Al * ab initio)
S4-03 9:20-9:45 Francesco | University of Bayreuth, Advancing Battery Technology through Al-Driven
) ) Ciucci Germany Multi-Agent Systems and High-Throughput Screening
S4-04 | 9:45-10:10 rxE= B Y = A molecular dynamics simulation software for polymers




Theory and Data Driven Design of Solid-State

- -10-10- = )
S4-05 | 10:10-10:35 (ESERY BREERE Electrolytes
10:35-10:50 x* &
BRieiz “FiEF: 90 JFEIlERigE MGE R\ sg SRR
10:50-12:00 Round-table Forum "New Horizons: Post-90s Entrepreneurs Discuss MGE's Industrial
Breakthroughs and Prospects"
12:00-13:30 F ®
FRHA £ i EiEREKE, HFR IWIXE
Integrated Software and Hardware Acceleration for
S4-06 | 13:30-13:55 g EAEEREBIRAE Efficient Material Computation and Design: Practices
and Prospects in China and Abroad
) ) i . The HER volcano based on the potential of zero charge
$4-07 | 13:55-14:20 REF PIRBAZ and hydrogen adsorption energy
EEg RS EE Research and development as well as engineering
S4-08 | 14:20-14:45 BER E _ﬂf*@%—k applications of compound semiconductor materials
=HW5RAT driven by artificial intelligence
- AE_AE- P ST s Mathematical Approaches for Microstructure Evolution of
S4-09 | 14:45-15:10 " 3 LA Ni-based Superalloys
. . . - ST A Computer-Aided Design of Lithium-lon Batteries:
- - By ; JACEEIS o
S4-10 | 15:10-15:35 mEE PBZIsLinE Software Development, Applications and Prospects
15:35-15:50 = &
ERFA: KER aMKE, BEF AZEXRFE
e | | FEIEERAY, Present progress in the development of the oxide
S4-11 | 15:50-16:15 2%k EP.ﬂzBmﬁ_‘E R thermodynamic database and its representative
FHAFr applications
s4-12 | 16:15-16:40 = EiER A Computational Deaggggﬂég}t{omahon for Materials
. . N R . Graph Neural Network-based Machine Learning Assisted
- - H T vy
S4-13 | 16:40-17:05 AR LA Prediction of Battery Materials
) OB 17 Shpiin Large Language Models to Accelerate Chemical
S4-14 | 17:05-17:30 Fas EFaERE Synthesis
;'";u|\: EY]'” b N _Ari i i
s4-15 | 17:30-17:55 @ B INRATEFREREIR | A data-driven framework for _chem|cal synthesis process
NE) design
2024.11.16
FEA: XEE FERFER LISEREARAT, & F HBMNKE
MID-MESO (Microstructure Intelligent Design -
. . . Mesoscale): Coupled Multi-Physics Field Material
- - == e
S4-16 8:30-8:55 & PRAT Microstructure Design Software and Its Application in
Lithium-lon Batteries
NE= ':‘J:t E:t At . _ Dri .
S4-17 8:55-9:20 SRR rREREE R LSRR Computation e_md Date_z Driven Studles_of Battery
FRSER Materials Design and Synthesis
S4-18 9:20-9:45 g2 & PNAZE Modeling of Electrochemical Interface and Interphase
Modulization and High-throughput Design for Fast Scree
S4-19 9:45-10:10 MR EHBRETAE ning of Composition and Processing of Functional Coati
ngs
10:10-10:20 X B
ERFA: BB TERR, FTHEX BZHRXLR=E




A EPEERERHR AR -Dri i
$4-20 | 10:20-10:40 Bt I APHEHRE B Data-Driven Extreme Manufact_urlng Technology for
NE) Power Batteries
OB (58 BR | Aign | ing wi ial desi
5421 | 10:40-11:00 170 = (Lig) &b Aligning machine learning with material design and
NE optimization
FHENFERRDEIR i i i igi
s4-22 | 11:00-11:20 sttt + S B Polymer Design a_lnd Innovation Driven by Digital
NE] Intelligence Technology
ST TGS Accelerating the Screening of layered 2D materials for
S4-23 | 11:20-11:40 N R i = SRR Hydrogen Evolution Reaction by Al-Based Local
NG Geometric Analysis
11:40-12:20 DICIRERFRmETRETT
EFFA: B TR, B E BZARER (L8) ROBRAE
) A - N s Fully Atomistic Model for the Optimization of Electrolyte
S4-24 | 11:40-11:48 PRI RIFFAS Formula in Commercial Lithium Batteries
Digital Modeling Technology and Microstructure
S4-25 | 11:48-11:56 PR T RN Optimization of Lithium-lon Batteries Considering the
Heterogeneous Features of Typical Electrode Structures
Modulation of active center distance of hybrid perovskite
S4-26 | 11:56-12:04 )] HRIPEAFE for boosting photocatalytic reduction of carbon dioxide to
ethylene
S4-27 | 12:04-12:12 = & RgETA Organic Synthesis Me(a)tgr_lsllzécceleratlon Platform:
) 19.49- e - sse Computer-Aided Structural Design of Solid Polymer
S4-28 | 12:12-12:20 B = EMAE Electrolytes
MRKEEEARASEZEERDICIE
(IFHEETIESEeIz- TN EISIESWEA S &15)
Materials Big Data and Al for Science Symposium (FMGE-AMDS Joint)
B5A: BETHE. FENAE. EREE. (RS
RE: 11815 B2X
Fe A EHA By IREEE
2024.11.15
ERFA: B B BEXE, MRF BIREIXE
D5-01 8:30-8:55 Turab AiMat Res LLC How can theory guide data science?
Lookman
D5-02 8:55-9:20 Alex Ganose Imperial College Computational Materials D|.scovery in the Age of
London, UK Automation
. . . s Artificial Intelligence Design of Lithium Battery
_ _ 0 3ZEA/L =1
D5-03 9:20-9:45 i #3 B Electrolytes
) A1 . University at Buffalo, Bridging physics-informed and data-driven materials
D5-04 9:45-10:10 Jiayu Peng USA designs to catalyze deep decarbonization
10:10-10:25 ®
ERFA: FEE EERIRAE, £ & AL
FERFBAIERR i
D5-05 | 10:25 -10:50 S4THH ERL 7t Data Resource Qonstructlon for Condensed matter
A quantum material science and Al empowerment
D5-06 | 10:50-11:15 Yue Li The Max Planck Artificial intelligence-enhanced atom probe microscopy:

Institute for

Local chemical ordering analysis




Sustainable Materials

Machine learning empowered material atomic structural

~ AE_11- = S 24
D5-07 | 11:15-11:40 TR EpRH K understanding
. N . Domain Knowledge Embedded Materials Data Mining (3%
D5-08 | 11:40-12:05 BE 7N =y i
RIRE)
12:05-13:30 T =5
ERFA: B OARBEAE Mamih BRI
D5-09 | 13:30-13:55 | Tongqi Wen The University of Small and Large Atomm/Lgnguage Models for Materials
Hong Kong Science
MatPilot: an LLM-enabled Al Materials Scientist under
D5-10 | 13:55-14:20 H35EN EpARIE A the Framework of Human-Machine Collaboration (3R3Z#%
%)
D5-11 | 14:20-14:45 = g bR S Steel Design Based on a Large Language Model
D5-12 | 14:45-15:10 7RI FERFERIKENA Genetic Engineering of Polymer Materials: Small Data,
) ) H YRS Model Interpretability, and Large Language Models
. AOLAE- J VIR, Empowering Material Knowledge Extraction with Large
D5-13 | 15:10-15:30 X R sy Language Models
Enhancing Materials Research through LLM: Building a
D5-14 | 15:30-15:50 T B B ER I E N E Comprehensive Platform and Facilitating
Knowledge-Led Innovation
15:50-16:05 = &K
EFFEA: & N AERREKE, ERF FILKF
A Multi-Objective Synergistic Design Approach for
D5-15 | 16:05-16:30 2 M RS A Achieving Low Modulus and High Yield Strength in High
Entropy Alloys
The Design and Application of Noble Metal-Based
D5-16 | 16:30-16:55 i EFET A Superalloys Driven by the Synergy of Physical Models
and Machine Learning
~ EE_47- p s Microstructure and mechanism information-guided
D5-17 | 16:55-17:20 Gl LR multimodal data analysis and design for steel materials
1720174 s — N Alloy Design Based on Atrtificial Intelligence and Machine
D5-18 :20-17:45 LJ'EFFTE J:EXJ_jC?— Learning (&é{g*ﬁ%)
) AE_1Q- N s Multi-objective intelligent optimization design and
D5-19 | 17:45-18:05 R IR development of new superalloys
~ .NE_1Q- - s Deep learning strengthening mechanism for high fidelity
D5-20 | 18:05-18:25 m=ER P TP A inverse design of microstructure

Mt SRS — R SRS S HRERSIES 215
AMDS——Materials Data Management and Image Data
B5A: REREHE. TS, KERHUE

BJE: 11 B 15 H&X

FS AdE mHA B (U REEE
2024.11.15
FEA: i H EBRIEKXE, Kwang-Ryeol Lee EERIZFERIARMHTAT




Korea Institute of

D6-01 8:30-9:00 Kwang-Ryeol Science and Standardization of Materials R&D Data Scheme and
Lee Vocabulary
Technology, Korea
D6-02 9:00-9:25 O 8BRS The standard system for Al ready materials data
. . PR Exploration and application of digital transformation in
- - 3 €=
D6-03 9:25-9:50 K B REEMRHE the inorganic non-metallic materials industry
Takuva National Institute for
D6-04 | 9:50-10:15 Y Materials Science, Management of experimental data in NIMS
Kadohira J
apan
10:15-10:35 X B
FRHA: KiE LERBEXZF, EEK LEXFE
. . = Constructing high-performance Machine Learning
- - ==p=d Mghoss
D6-05 | 10:35-11:00 ey LiBRZF Models depends on high-quality materials data
Isao National Institute for
D6-06 | 11:00-11:25 K ” Materials Science, Data collection and retrieval system in NIMS
uwajima Japan
i DE_44- L R A Some key considerations on materials data ecology in
D6-07 | 11:25-11:50 SRR LSBT the context of large models
) 1D N s An unbiased recommendation framework mining the
D6-08 | 11:50-12:10 TZR LiBRZF optimal combination of data subsets and algorithms
12:10-13:30 F ®
EFA ERR PEHERSER, @ X JtEREKRE
D6-09 | 13:30-14:00 (EE=g=d FETERZFHARE Metrology and traceability of materials big data
Toward Collaborative Intelligence: Secure Big-data
D6-10 | 14:00-14:25 1% bR Sharing and Computing in Materials Genomics
Engineering
A Spatial-frequency Domain-based image Noise
D6-11 | 14:25-14:50 = 2 iy Suppression Model and Application in Silicon Chip
Defect Detection
D6-12 | 14:50-15:15 =gl A R ANT] Ecological const.ructior) practiceg for industrial
software simulation materials data
D6-13 | 15:15-15:35 @ Rl AR MGED-Assistant: Smart Material Database Powered
by LLM
15:35-15:55 X B
FFA: Jaimyun Jung BEMEIRIFEART, BE EREHERKE
. Korea Institute of . . .
D6-14 | 15:55-16:25 Jaimyun Materials Science, Inverse design of 3D rr_ncrostructures using latent
Jung K diffusion model
orea
i DE_ 4R = N s An approach to efficiently extracting microstructures
D6-15 | 16:25-16:50 MRS ALRPHRAF via visual large model
Korea Institute of Virtual characterization models developed by
D6-16 | 16:50-17:15 | Sangil Hyun Ceramic Engineering multiphysics computer simulation & data-driven Al for
and Technology, Korea ceramic manufacturing process
) AE_17- w1/ VIR, Research on Machine Learning Methods for Mining
D6-17 | 17:15-17:40 X LigRF Material Properties from Material Images
A Web-based System for Automated Microstructure
D6-18 | 17:40-18:00 EeavilfEd FAbAE Recognition and Mechanical Properties Prediction of
Polycrystalline Alloys
SNEFANETAS T AR RS A high-throughput statistical mapping characterization
D6-19 | 18:00-18:20 JauEh:S - * method for microstructure based on multi-element

BIRAE]

coupling
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AMDS —— Data Driven Materials Design
B5A: FRiGHEHIE. Woo Jin CHOI 4%, {TE#i%

BJE: 11 B 15 H&X

wHA

B
2024.11.15

RERE

F#FA: Lei Shen FIMEEII S,

B EkEFE

D7-1 8:30-9:00 Seungwu Han Seoul National University, SevenNet: a pre.tramed un_lversal machine
Korea learning force fields
. . . Intelligent design of Al alloy by integrating
- - = =
D7-2 9:00-9:25 i B PR CALPHAD, machine learning and key experiments
D7-3 9:95-9:50 Lei Shen Natlonal Unl\(er3|ty of High-throughput calculations of 2D
Singapore, Singapore heterostructures
Korea Institute of Ceramic . .
D7-4 9:50-10:15 In Kim Engineering and Advancing the Developrlnlelnt of Pollymer Composit
es through Artificial Intelligence
Technology, Korea
10:15-10:35 x® &
FEFA: Yibin Xu BARREZEHARE, Jungho Shin BECFER AR
D7-5 10:35-11:00 Yibin Xu Nat_lonal Insntute for Data-driven Exploration for Li lonic Conductor
Materials Science, Japan
Korea Research Institute .
) . . - Web-based Interface for Search and Analysis of
D7-6 11:00-11:25 Jungho Shin of Chemu;?cl)r';chnology, Materials Data: ChemDX and MatDX
Design and Screening of Functional Organic
D7-7 11:25-11:50 Xl #H| [isp | = Molecules for Perovskite Solar Cells via Machine
Learning
D7-8 | 11:50-12:10 | Heechae Choi | ' an Jlaotong-Liverpool TBD
University, China
12:10-13:30 T B
FHA: HoWon Lee BHEMRIEIFARA, EEE PEMENAHRRE, &8 LBXF
Korea Institute of Overcoming Small Dataset Challenges in
D7-9 13:30-14:00 Ho Won Lee Materials Science, Semantic Segmentation of Metallographic
Korea Microscopy Images
Design and development of high performance
D7-10 | 14:00-14:25 FEZE FRERfA LN BRI Be aluminum alloy based on integrated computing
and machine learning
D7-11 | 14:25-14:50 THRRZR EAREAEF New Al Algorithm for Materials Science
D7-12 | 14:50-15:15 B OE =y N KAN Made Learning Physics Laws Simple
D7-13 | 15:15-15:35 /N LIRS Material Genome Engineering in Catalysis
15:35-15:55 x* &
FEFFA: Sehyeok Oh BHEMHEIRIFMAFTAT, X ¥ EBXF
D7-14 | 15:55-16:25 Sehyeok Oh quea In§t|tute of Innovative Appllcgtlons of Al t.o Mechanical
Materials Science, Korea /Materials Processing




“What you need is pre-attention”:
D7-15 | 16:25-16:50 Xl &% =y N Small-data machine learning with
center-environment features
Korea institute of Deep learning application for modeling the heat
D7-16 | 16:50-17:15 Hoheok Kim ; . treatment condition-microstructure-property
materials science, Korea : .
relationship
D7-17 | 17:15-17:40 Figis EETRR A Screening strategy f:ﬁ or;;ractory high-entropy
Noise-aware active learning to develop
D7-18 | 17:40-18:00 B &= Sy - high-temperature shape memory alloys with large
latent heat
: 001 8] N . s Finding New High-Temperature Superconductors
D7-19 | 18:00-18:20 HiFR AR Based on Crystal Graph Neural Networks

FS A=)

B=EPRSEIRERTS

The 3"9workshop towards Materials Data Standards

afA: TR FEEHE

AE: 11 B 16 HEF (EESidie)

wHA B

2024.11.16

REEER

EFRAN FRE ALERHRE

Japan Advanced Institute of

Al-recognition of XRD pattern using

D8-1 8:30-8:55 Ryo Maezono | Science and Technology, JAIST,
Japan auto-encoder
D8-2 8:55-9:20 B = AR TR A Data-driven Iangu:g:nn;gdels for materials
D8-3 9:20-9:45 Byungju Lee Korea Institute of Science and Acceleratllng materials language processing
Technology, Korea with large language models
. . PN NN = New-generation materials design platform
- - N N /\

D8-4 9:45-10:10 K52 AERRBFHAIRAE) empowered by Al foundation models

10:10-10:30 ®

10:30-12:10 | [F=i51€ Round-Table Discussion

“Materials Genome Engineering Advances”BiFIZ Ritis
BEA: ZPHFHIE
BdE: 11 B 16 HESF

FsS :5jls]) EHA B i g =|
2024.11.16
So-1 8:40-9:05 IE% ., Integlrfatlion andlDeveIo.pment of Physical Models and
Artificial Intelligence in Alloy Design (3R3ZIRE)
S9-2 9:05-9:30 I chRg s Machine-learning aidercri];rgﬁz’:isgation of electrocaloric
o0 | saess | M @ | bewmke | ecdeshieCosncnoontel
9:55-10:10 ®




) (1010 N e rivm Predicting Reaction Feasibility and Robustness Using

S9-4 10:10-10:35 TREF FEPIAZ (R High-Throughput Data and Bayesian Learning
High-throughput experiments and WBE
S9-5 10:35-11:00 OE5m tEREE characterization for weathering steel surface
treatment
) ) N o Designing low-texture and high-formability

- - 2 > fSvy

S9-6 11:00-11:25 FIR AR magnesium alloys via an integrated strategy

MHEETESRECIEERFT

BEA: KEHE

AdE: 11 B 13 BiKMG, 14 H-16 HES

EREKEBIE 180 f, EEREESFANER (www.formge.cn) & "HHERTESRICES
W ASEH., RBFERRIET 11 B 14 BRERE,

TRIEREFZSRTEUiED
Ad|E: 11 B15H-16 H
SMPLTEN R EE TEBRISIER WU ARSEL.




